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This presentation contains statements that relate to future events and expectations and as such constitute forward-looking statements within the meaning of the Private
Securities Litigation Reform Act of 1995. When or if used in this presentation, the words “anticipate,” “believe,” “could,” “estimate,” “expect ” “mtend ” “may,” “outlook,” “plan,”
“predict,” “should,” “will,” and similar expressions and their variants, as they relate to Nurix Therapeutics, Inc. (“Nurix”, the “Company,” “we,” “us” or “our”), may identify forward-
looking statements. All statements that reflect Nurix's expectations, assumptions or projections about the future, other than statements of historical fact, are forward-looking
statements, including, without limitation, statements regarding our future financial or business plans; our future performance, prospects and strategies; future conditions, trends,
and other financial and business matters; our current and prospective drug candidates; the planned timing and conduct of the clinical trial programs for our drug candidates; the
planned timing for the provision of clinical updates and initial findings from our clinical studies; the potential benefits of our collaborations, including potential milestone and
sales-related payments; the potential advantages of our DEL-AI platform and our drug candidates; the extent to which our scientific approach, our drug discovery engine,
targeted protein degradation, and degrader antibody conjugates may potentially address a broad range of diseases; the extent animal model data predicts human efficacy; and
the timing and success of the development and commercialization of our current and anticipated drug candidates. Forward-looking statements reflect Nurix’s current beliefs,
expectations, and assumptions. Although Nurix believes the expectations and assumptions reflected in such forward-looking statements are reasonable, Nurix can give no
assurance that they will prove to be correct. Forward-looking statements are not guarantees of future performance and are subject to risks, uncertainties and changes in
circumstances that are difficult to predict, which could cause Nurix's actual activities and results to differ materially from those expressed in any forward-looking statement. Such
risks and uncertainties include, but are not limited to: (i) risks and uncertainties related to Nurix’s ability to advance its drug candidates, obtain regulatory approval of and
ultimately commercialize its drug candidates; (ii) the timing and results of clinical trials; (iii) Nurix’s ability to fund development activities and achieve development goals; (iv) risks
and uncertainties relating to the timing and receipt of payments from Nurix's collaboration partners, including milestone payments and royalties on future potential product sales;
(v) the impact of macroeconomic events and conditions, including increasing financial market volatility and uncertainty, inflation, interest rate fluctuations, instability in the global
banking system, uncertainty with respect to the federal budget and debt ceiling, the impact of war, military or regional conflicts, and global health pandemics, on Nurix’s clinical
trials and operations; (vi) Nurix's ability to protect intellectual property and (vii) other risks and uncertainties described under the heading “Risk Factors” in Nurix's Quarterly
Report on Form 10-Q for the fiscal quarter ended February 28, 2025, and other SEC filings. Accordingly, readers are cautioned not to place undue reliance on these forward-
looking statements. The statements in this presentation speak only as of the date of this presentation, even if subsequently made available by Nurix on its website or otherwise.
Nurix disclaims any intention or obligation to update publicly any forward-looking statements, whether in response to new information, future events, or otherwise, except as
required by applicable law.

Certain information contained in this presentation relates to or is based on studies, publications, surveys and other data obtained from third-party sources and the Company’s
own internal estimates and research. While the Company believes these third-party sources to be reliable as of the date of this presentation, it has not independently verified,
and makes no representation as to the adequacy, fairness, accuracy or completeness of, any information obtained from third-party sources. In addition, all of the market data
included in this presentation involves a number of assumptions and limitations, and there can be no guarantee as to the accuracy or reliability of such assumptions.
Furthermore, while we believe our own internal estimates and research are reliable, such estimates and research have not been verified by any independent source
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Lead Identification is a central challenge in small molecule drug discovery

How can this be done efficiently for novel therapeutic targets?
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DEL is a Productive Lead ID Technology

Generating Massive Datasets
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A Primer on DEL Data Interpretation
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When reviewing DEL data in a Cube representation, we are

looking for structural patterns in the data.
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When reviewing DEL data in a Cube representation, we are
looking for structural patterns in the data.
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When reviewing DEL data in a Cube representation, we are
looking for structural patterns in the data.
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When reviewing DEL data in a Cube representation, we are
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BB2 Name

When reviewing DEL data in a Cube representation, we are

BB1 Name

looking for structural patterns in the data.
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When reviewing DEL data in a Cube representation, we are
looking for structural patterns in the data.

The Cube Lines: 2 shared building blocks
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When reviewing DEL data in a Cube representation, we are
looking for structural patterns in the data.
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When reviewing DEL data in a Cube representation, we are
looking for structural patterns in the data.

The Cube
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Traditional DEL ML Approaches

» Established DEL ML

approaches train models on l

Slngle target datasets Structurr.e‘.‘ ?nrichment Data
» These models predict /L

binding to a single protein |

and are inefficient to scale to ‘/k

ligand discovery across
diverse targets

* Rely on time and resource
intensive quality protein
production and DEL screen
execution.



DEL Foundation is a Generalized Model
Able to Prospectively Predict DEL Data

Traditional DEL ML Approaches

» Established DEL ML
approaches train models on
single target datasets

* These models predict
binding to a single protein

and are inefficient to scale to

ligand discovery across
diverse targets

* Rely on time and resource
intensive quality protein
production and DEL screen
execution

DEL Foundation Model

Protein Sequence Structure
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* DEL Foundation Model is
trained on DEL datasets
from diverse protein targets

* These models learn a
generalized relationship
between protein sequence
and molecular structure

* DEL Foundation is thus
able to predict DEL data on
proteins without the need
for experimental data
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High throughput
Target expression _
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DEL Foundation-based e

Lead ID bypasses multiple
resource intensive
processes and unlocks
targets which are g DEL Foundation
otherwise “un-DEL-able”

Model Prediction of
Binders to an
Unseen Target
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Collaboration between Nurix, Loka Inc., NURIX aWs LOI(/'

and Amazon Web Services

Nurix DEL Dataset

>140 Targets

>2200 Screens

>6T Datapoints

~ Dataset
Preparation

-'I } : N
_ Neural Protein-Ligand

Chemical FM
Nurix DEL :_. ;
Ligands -f:_ig <

(SMILES)

———

Protein FM Joint Network Pair Binding
Representation Predictions

Schematic of Data Processing and Model Architecture



DEL Foundation Dataset Construction
and Definition of Terms
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Retrospective datasets constructed
from experimental data

Experimental Actives Experimental Inactives
Ligands enriched in the Ligands which did not
DEL screen enrich in the DEL

screen, sampled from
full DEL library
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Retrospective datasets constructed Datasets not in the training dataset
from experimental data are evaluated by DEL Foundation
(DEL FM)
I],IO 0.[2 I],Itl 0.[6 D,IB .lﬂ
Experimental Actives Experimental Inactives DEL FM Inactives DEL FM Actives
Ligands enriched in the  Ligands which did not Ligands predicted as Ligands predicted as
DEL screen enrich in the DEL non-binders (low DEL binders (high DEL FM
screen, sampled from FM score) score)

full DEL library
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Novel Constructs

Can DEL Foundation prospectively predict

- Novel Target F
binders for new proteins? ovel larget Forms

Novel Targets

Can DEL Foundation prospectively predict binders from new libraries?
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High Accuracy Predicting Experimental AA—GR“QEE#%

Binders predicted by DEL Foundation align closely to experimental data for a novel construct
outside the training dataset.

Constructs in Training Experimental Actives
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Constructs in Holdout

POl trunc gAY

POI = Protein Of Interest
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Binders predicted by DEL Foundation align closely to experimental data for a novel construct
outside the training dataset.

Constructs in Training Experimental Actives DEL FM Actives with
Experimental Annotation
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Constructs in Holdout

POl trunc ™ Za\%

Experimental Actives
POI = Protein Of Interest



High Accuracy Predicting Experimental

Data on New Target Forms
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Binders predicted by DEL FM largely recapitulate experimental data of a protein complex.
Additionally, DEL FM ignores an experimentally observed plane considered promiscuous.

Target Form in Training

g A\E PO trunc

Target Form in Holdout
Avi- POI FL BP

POI = Protein Of Interest
BP = Binding Partner

Experimental Actives

LR




High Accuracy Predicting Experimental

Data on New Target Forms
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Binders predicted by DEL FM largely recapitulate experimental data of a protein complex.
Additionally, DEL FM ignores an experimentally observed plane considered promiscuous.

Target Form in Training

g A\E PO trunc

Target Form in Holdout
Avi- POI FL BP

POI = Protein Of Interest
BP = Binding Partner

Experimental Actives

Plane of promiscuous binders
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Binders predicted by DEL FM largely recapitulate experimental data of a protein complex.
Additionally, DEL FM ignores an experimentally observed plane considered promiscuous.

Target Form in Training Experimental Actives DEL FM Scoring of
Experimental Actives
6H-Avi-| ZeINi . T .

Target Form in Holdout

VR PO FL =]

Plane of promiscuous binders

O [ 1

POI = Protein Of Interest DEL FM Score
BP = Binding Partner
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Binders predicted by DEL FM largely recapitulate experimental data of a protein complex.
Additionally, DEL FM ignores an experimentally observed plane considered promiscuous.

Target Form in Training Experimental Actives DEL FM Scoring of - DEL FM AC;tR/eS \i[Vltth
Experimental Actives xperimental Annotation
6H-Avi-| #0151 . - e he e

S
Target Form in Holdout
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e

Plane of promiscuous binders

O [ 1

POI = Protein Of Interest DEL FM Score
BP = Binding Partner
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DEL FM predicts subset of experimental signal, inclusive of confirmed ligands.

Target Forms in Training Experimental Actives

Avi POI BP

Targets in Holdout
Avi{  oze) BP

POI = Protein Of Interest
pPOI = phosphorylated POI
BP = Binding Partner




DEL Foundation Identifies Confirmed
Binders from High Background Screen
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DEL FM predicts subset of experimental signal, inclusive of confirmed ligands.

Target Forms in Training Experimental Actives

Avi POI BP

Targets in Holdout
Avi{  oze) BP

POI = Protein Of Interest
pPOI = phosphorylated POI
BP = Binding Partner

DEL FM Actives with

Experimental Annotation

Experimental Actives

200204480



DEL Foundation Identifies Confirmed
Binders from High Background Screen
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DEL FM predicts subset of experimental signal, inclusive of confirmed ligands.

Target Forms in Training Experimental Actives

Avi POI BP

Targets in Holdout
Avi{  oze) BP

POI = Protein Of Interest
pPOI = phosphorylated POI
BP = Binding Partner

DEL FM Actives with




Predicting Small Molecule Binders to AA—GREQEE#%
Novel Proteins Beyond Training Data R e

DEL Foundation predicts most dominant patterns in experimental data despite low sequence
similarity of query proteins to those in the training set.

Target 1 Target 2 Target 3
71% Seq Sim 79% Seq Sim

Experimental
Actives

Experimental

DEL FM Actives Actives

with Experimental
Annotation

200204480



Performance of DEL FM Correlates

with Sequence Similarity
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Performance of DEL FM Correlates A'm\‘m}n C ’,ﬁEE#ﬁ&
with Sequence Similarity e
- N 7 7 7 | | - Precision -
o100
N Recall
0.8 0e Q100
0.7
n R Y
0.6 . Evaluating the global relationship

©
wl

between sequence similarity and
model performance, we expect
DEL Foundation to provide
actionable predictions for targets
with as low as 0.5 similarity to a
target in the training set.
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Novel Constructs

Can DEL Foundation prospectively predict

binders for new proteins? Novel Target Forms

Novel Targets

Can DEL Foundation prospectively predict binders from new libraries?
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ML models that can generalize to new chemical space expand application scope, especially
towards use for Lead Optimization.

A recent public competition was unable to make predictions for libraries outside the training set.!
We tested the ability of DEL FM to succeed on this task.

LOO* Experimental Design

DELA1
DELZ2
DEL3 Selected 7 DEL libraries
E‘ constructed with varied
| ) architectures, chemistries,
DEL5 and building block collections.
DELG
DELY

|

*LOO = Leave One Out 1Blevins, A; BELKA; Neurlps, 2024 .....
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ML models that can generahze to new chemical space expand appllcatlon scope, especnally
towards use for Lead Optimization.

A recent public competition was unable to make predictions for libraries outside the training set.!
We tested the ability of DEL FM to succeed on this task.

LOO Experimental Design

DEL7Y

Repeat for
all libraries

Holdout

1 00E00E

1Blevins, A; BELKA; Neurlps, 2024 .....
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ML models that can generalize to new chemical space expand application scope, especially
towards use for Lead Optimization.

A recent public competition was unable to make predictions for libraries outside the training set.!
We tested the ability of DEL FM to succeed on this task.

LOO Experimental Design Holdout Predictions

% of Dataset

HWD
1

S
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=
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a

DEL7Y

Repeat for
all libraries

Model Performance
(AUPRC)
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Diversity of DEL Libraries in Foundation

Model Training Set
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Analysis of libraries in training set demonstrates structural diversity consistent with design

Library
DEL1
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DEL3
DEL4
DELS
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DEL7

% of Dataset
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Diversity of DEL Libraries in Foundation

Model Training Set
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Analysis of libraries in training set demonstrates structural diversity consistent with design
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Diversity of DEL Libraries in Foundation

Model Training Set
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Analysis of libraries in training set demonstrates structural diversity consistent with design
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Diversity of DEL Libraries in Foundation AACH “ﬁ.’;‘é‘#ﬁ&

DEL FM predicts binders from unseen libraries representing distinct regions of chemical space

| Groupt | rrining | i
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Gown :
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| Groups | i
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Diversity of DEL Libraries in Foundation

Model Training Set
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DEL FM predicts binders from unseen libraries representing distinct regions of chemical space
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Continued Development of DEL FM
Addresses Realities of Experimental DEL
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Insufficient Metrics for Evaluating Model Performance

Experimental Background

Experimental FP

Is a model which

fully recapitulates

experimental data
the goal?

If not, how should
we measure
performance?

Dataset Size

Heterogeneous Datasets Affect Model Learnings

DEL Datasets are very
heterogeneous in size
which can impact the
model’s ability to learn from
o the full diversity of targets
B in the training set.

Data Sampling Encourages Shortcut Learning

Predicting Protein X dataset vs

Predicting Protein X dataset vs
Distantly-Related sequence

Close Homologue sequence

1.04 104

°

®
o4
®

°

>
o
o

predictions
1
=
predictions.
o
-

°

o
o
~

o
°

T T . y
o 1 0 1
true_label true_tabel
R Closely-Related Off-Target Protein Predictions
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High Background of False Positives on Full Library Predictions

Huge size of DEL
collections results in high
background even with
extreme precision.
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 DEL Foundation is a first-in-class ML model able to prospectively predict DEL data

« DEL Foundation predicts DEL data for novel protein targets with performance
correlated with similarity of the query protein sequence to training data

« DEL Foundation generalizes to unseen DEL libraries and unseen chemical space

« DEL Foundation transforms the scale and approach of Lead ID at Nurix
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